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Method Mean Absolute 1% Quartile 2™ Quartile 3™ Quartile Max Inter Quartile  Mean Squared Bias Standard
Percentual Error APE APE APE APE Range APE Error 1073 1073 deviation

Exponential fit 174.57 1.95 5.16 15.06 1.28 e+4-05 13.11 196.32 61.7 0.44
Neural Network 6.99 177 4 8.2 101.85 6.43 0.04 -0.46 0.01
Polynomial fit 9.12 2.59 5.69 11.83 103 9.23 0.04 -0.55 0.01

Exponential fit 2690.68 5.94 22.73 69.22 2.15e+06 63.28 930858 802.83 30.5
Neural Network 6.54 1.4 3.11 6.67 58.57 5.27 0.07 -2.38 0.01
Polynomial fit 7.33 2.16 4.97 9.88 55.97 7.72 0.04 -1.66 0.01

Methods:

eTest data: Synthetic relaxation dacays generated using 2 or 3 exponential function with 3 combination of relaxation
times ranging form 15 to 45 au, 5 weight combination and two white noise intensity 15 and 50. Linearly sampled on 41
points rangeing from 0.01 to 40 au. Globally 3000 sets of data were generated and tested with the three different
methods.

eExponential fit: We fit 2 Rr 3 exponential components to our data using the software Mathematica

ePolynomial fit: We fit 4t order polynomials to estimate the gradient of the decay at t=0 which is equal to minus the
PWRA

eNeural Network Ensemble: We train 50 NN (7 Dense layers) to estimate the PWRA from the experimental data, and
then we take the average between their estimations
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